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9% 20 52l 33 Methods without view data augmentations

Q1AL E DT, ImageNet St 0|0 x|t HELOE MY 25 7|ok S&ELICt, dataZvec [8] W6 1600 770

ot o|o|x|of| M BeteS SEel 7| E BAUCR Fl A7 F AZE=X] =l RiLCt. - ViT-B/16 1600 68.0

MAE | 506] ViT-L/16 1 60() T6.0
o ViT-H/14 1600 77.2

Vil-B/16 1600 70.4

CAEL2 VILL/I6 1600 78.]
Vi'T-B/16 600 72.9
I-JEPA VIT-L/16 GO0 77.5
ViT-H/14 300 79.3
Vil-H/16445 300 81.1
Methods using extra view data augmentations
SImMCLR v2[21] RNI5S2(2x) 800 79.1
DINO[15]  Vil-B/8 300 80.1

1IBOT | 7Y] VIT-L/16 25(0) 81.0
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e ImageNet 413 T} Method Arch. Epochs  Top-1
TRH 20l gelel 54 Methods without view data augmentations

OIAL{E THStT, ImageNet 3t O|0|X|2} MEtO 2 M3 BRJ|0 SHaELLY, data2vec [£] ViT-L/16 1600 77.3
Mot o|o|x|o| M Mt S Z-6l| 7| = BEodtto = S AV & A2 K| =X| el - ViT-B/16 1600 620
MAE |36] VIT-L/16 1600 76.0

A|ALE N ViT-H/14 1600  77.2
1.OO[HHZEZ 22 5 27 450 &3 CAE 7] Vil-B/16 1600 70.4
2. M2 EpochZ M52 ¥3 g ViT-L/16 1600 78 1

3. DE T} ol AL 7} HFof mhet M50 2212 .

4. H0E 57 Dt | naen o= HE AWK 2ol 7ts. e =3
I-JEPA VI T-L/16 600 77.5

Vil-H/14 300 79.3

ViT-H/16445 300 851.1

Methods using extra view data augmentations
SImCLR v2 |21] RNI52(2x) 800 79.1
DINO|[15]  Vil-B/8 300 80.1

1IBOT | 7Y] VIT-L/16 25(0) 81.0
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Method Arch. Epochs Top-1
Methods without view data augmentations
data2vec [¥] ViT-L/16 1600 13.3
o ViT-L/16 1600 67.1
MAE [Hj] ViT-H/14 1600 71.5
ViT-L/16 600 69.4
[-JEPA ViT-H/14 300 13.3
ViT-H/164458 300 77.3
Methods using extra view data augmentations
1BOT [ /Y] VIiT-B/16 400 69.7
DINO [ 18] ViT-B/8 300 70.0
SimCLR v2 [35] RNI51(2x) 800 70.2
BYOL[35] RN200(2x) 800 71.2
MSN [1] ViT-B/4 300 75.7
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Method Arch. Epochs Top-1
Methods without view data augmentations
data2vec [¥] ViT-L/16 1600 13.3
o ViT-L/16 1600 67.1
MAE [Ej] ViT-H/14 1600 71.5
ViT-L/16 600 69.4
[-JEPA ViT-H/14 300 13.3
ViT-H/164458 300 77.3
Methods using extra view data augmentations
1BOT [ /Y] VIiT-B/16 400 69.7
DINO [ 18] ViT-B/8 300 70.0
SimCLR v2 [35] RNI51(2x) 800 70.2
BYOL[35] RN200(2x) 800 71.2
MSN [1] ViT-B/4 300 75.7
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ImageNet0f| M APH kS Q1A & CIHE |0 E{Allo)| 7kR 7} AF& L}, _ _ _

MZ S GO|E{ MM o1 FCE IXstT M2 M8 BE27J|= stastL|C}, Methods without view data augmentations

ImageNet0l|Zt S23t EXIS Ui =X, C}2 B2 20| £ E3t=X| goist|ct, data2vec [8] VIT-L/16 81.6 54.6 28.1
MAE [36]  ViT-H/14 77.3 55.0 329
I-JEPA ViT-H/14 87.5 58.4 47.6

Methods using extra view data augmentations
DINO [ ¥] ViT-B/8 84.9 7.9 35.9
1IBOT [ /Y] VIT-L/16 88.3 60.4 57.3
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MZ S GO|E{ MM o1 FCE IXstT M2 M8 BE27J|= stastL|C}, Methods without view data augmentations

ImageNet0|Zt 923t XS HIF=X|, [}2 258 ST Ssp=x| goig|ct, data2vec [8]  VIT-L/16 81.6 54.6 28.1
MAE [36]  ViT-H/14 T7.3 55.0 329
[-JEPA ViT-H/14 87.5 58.4 47.6

A|ARXS Methods using extra view data augmentations

o T (o sant DINO [ ¥] ViT-B/8 84.9 57.9 55.9
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22 5o Ha|d SeAE 7M1 g 2 LIy D2 £ E $iC}. DINO [ | -““-] ViT-B/8 86.6 534

— 77t 8.0, 8.5, 9.0, 9.5, 100 100.0 iBOT | 79] VIT-L/16 85.7 62.8




DeepShark Lab 26

I-JEPA

CVPR 2023 - Meta Al (FAIR) =

MO

04 X% 8E 6= 24A| Method Arch. Clevr/Count Clevr/Dist

4 - s/ €0l B&

~ Methods without view data augmentations
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QITC THSHT HMS MY head SARLIC data2vec [5] = VITL/I6 85,5 1.3
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LS ol0] Ha|W BYAS 7748 6702 Ly D2EE e}, DINO[I8]  ViT-B/8 86.6 33.4
— 717+ 8.0, 8.5, 9.0, 9.5, 10.0, 100.0 iBOT [79] VIiT-L/16 85.7 62.8
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Targets Arch. Epochs  Top-1

Target-Encoder Output ~ ViT-L/16 500 66.9
Pixels VIT-L/16 800 40.7
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Targets Context
Targets Context

scale Freq. Scale Top-1

0.075.02) 4 0.85.1.0) 192 Scale Freq. Scale Top-1
(0.1, 0.2) 4 (.85, 1.0) 392 (0.15,032) 4 (040, 1.0y 31.2
(0.125,02) 4 (0.85,1.0) 424 (0.15,0.2) 4 (065, 1.0y 47.1
(0.15,02) 4 (0.85,1.0p  54.2 (0.15,02) 4 (075, 1.0) 493
(0.2, 0.3) 4 (085, 1.0) 336

‘Targeis Contexi

Scale Freq. Scale Top-1
(015,02 |1 (.85, 1.0) 9.0
(0.15,0.2) 2 (085, 1.0y 220
(0.15,0.2) 3 (085, 1.0) 485
(0.15,0.2) 4 (085, 1.0y 542
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Method Arch. Epochs Top-1
MAE | 6]  VI'T-H/14 445 1600 87.5

LJEPA  VIT-H/1644s 300 87.1
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Vision Transformer 2EIH x}0|

Transformer Attention
ol Blocks Hidden Dim MLP Dim Heads ut2}o| g
ViT-B 12 768 3,072 12 oF 86M
ViT-L 24 1,024 4,096 16 F 307M

ViT-H 32 1,280 5120 16 9F 632M
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