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- Joint 0.5 0.550 0.595 0.265 0.293 0.367 0.379
2nd Joint 0.9 0.616 0.622 0.290 0.305 0.397 0.420
PSM 0.9 0.583 0.625 0.273 0305 0.362 0.274

SPM 0.9 0.023 0.586 0.008 0.301 0.007 0.386
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(a) 25B tokens of FIM finetuning.
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(b) S0B tokens of FIM finetuning.
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2
2nd
Model Size | Python | C++ | Java | PHP | TS | C# | Bash | S Avg | MBPP
Multilingual Base Models
code-cushman-001 12B | 33.5% | 31.9% | 30.6% | 28.9% | 31.3% | 22.1% | 11.7% - - -
CodeGeeX2 6B | 36.0% | 29.2% | 25.9% | 23.6% | 20.8% | 29.7% | 6.3% | 24.8% | 24.5% | 36.2%
StarCoderBase 16B | 31.7% | 31.1% | 28.5% | 254% | 34.0% | 34.8% | 89% | 29.8% | 28.0% | 42.8%
CodeLlama 7B 31.7% 29.8% | 34.2% | 23.6% | 365% | 36.7% | 12.0% | 29.2% . 29.2% | 38.6%
Codellama 13B | 36.0% | 37.9% | 38.0% | 34.2% | 45.2% | 43.0% | 16.5% | 32.3% | 354% | 48.4%
CodeLlama 3B 48.2% 44.7% | 44.9% | 41.0% | 42.1% | 48.7% | 15.8% | 42.2% | 41.0% | 55.2%
DeepSeek-Coder-Base 1.3B | 34.8% | 31.1% | 32.3% | 24.2% | 28.9% | 36.7% | 10.1% | 28.6% | 28.3% | 46.2%
DeepSeek-Coder-Base 6.7B | 49.4% | 50.3% | 43.0% | 38.5% | 49.7% | 50.0% | 28.5% | 48.4% | 44.7% | 60.6%
DeepSeek-Coder-Base 33B | 56.1% | 58.4% | 51.9% | 44.1% | 52.8% | 51.3% | 32.3% | 55.3% | 50.3% | 66.0%
Instruction-Tuned Models
GPT-3.5-Turbo 76.2% | 63.4% | 69.2% | 60.9% | 69.1% | 70.8% | 42.4% | 67.1% | 64.9% 70.8%
LIT4 - 84.1% | 76.4% | 81.6% | 77.2% | 77.4% | 79.1% | 58.2% | 78.0% | 76.5% | 80.0%
DeepSeek-Coder-Instruct  1.3B | 65.2% | 45.3% | 51.9% | 45.3% | 59.7% | 30.1% | 12.7% | 52.2% | 484% | 49.4%
DeepSeek-Coder-Instruct  6.7B | 78.6% | 63.4% | 68.4% | 68.9% | 67.2% | 72.8% | 36.7% | 72.7% | 66.1% | 65.4%
DeepSeek-Coder-Instruct  33B | 79.3% | 68.9% | 73.4% | 72.7% | 67.9% | 74.1% | 43.0% | 73.9% | 69.2% | 70.0%
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